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ABSTRAK

Firmansyah, Ronaldo. “Menuju Grading Bibit Lele Otomatis: Klasifikasi Ukuran
Bibit Lele Menggunakan Metode Convolutional Neural Network (CNN) Dengan
OpenMV Cam”. Pembimbing: (1) Dr. Ulla Delfana Reosiani, S.T., M.T (2)
Milyun Nima Shoumi, S.Kom., M.Kom.

Skripsi, Program Studi Teknik Informatika, Jurusan Teknologi Informasi,
Politeknik Negeri Malang, 2023.

Penyortiran bibit ikan lele (grading) biasa dilakukan oleh para peternak bibit ikan
lele. Tahap grading dilakukan untuk memisahkan bibit ikan lele berdasarkan
ukurannya karena setiap bibit ikan lele dapat memiliki pertumbuhan yang berbeda
dan mengurangi kanibalisme bibit ikan lele pada ukuran yang lebih kecil. Tujuan
penelitian ini untuk dapat mengklasifikasikan bibit ikan lele menggunakan metode
Convolutional Neural Network (CNN) dengan arsitektur MobileNetV2 dan
OpenMYV Cam H7+ secara otomatis. Terdapat 3 grade bibit ikan lele pada penelitian
ini, antara lain: grade A (2-3 cm), grade B (4-5 cm) dan grade C (>6 cm). Dataset
untuk proses training dan testing model diambil dengan 4 bahan penelitian yaitu
ukuran gambar 96 x 96 blobs.fit, 96 x 96 blobs.rect, 128 x 128 blobs.fit, dan 128 x
128 blobs.rect. Dalam pengujian dengan gambar statis dan secara real-time, sistem
dapat mengenali perbedaan grade dalam memprediksi grade bibit ikan lele yang
dideteksi. Hasil paling optimal diantara 4 bahan penelitian adalah 128 x 128
blobs.rect yang memilki akurasi sebesar 89%. Penelitian ini dapat membantu para
peternak bibit ikan lele dan memberikan pengetahuan mengenai penerapan metode
CNN untuk pengembangan teknologi lebih lanjut di masa mendatang.

Kata Kunci : ikan lele, bibit, klasifikasi, OpenMV, deep learning, CNN.
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ABSTRACT

Firmansyah, Ronaldo. “Towards Automatic Catfish Seedling Grading: Catfish
Seedling Size Classification Using Convolutional Neural Network (CNN) Method
With Openmv Cam”. Supervisor: (1) Dr. Ulla Delfana Rosiani, S.T., M.T (2)
Milyun Nima Shoumi, S.Kom., M.Kom.

Thesis, Informatics Engineering Study Program, Department of Information
Technology, State Polytechnic of Malang, 2023.

Sorting catfish seedlings (grading) are commonly done by catfish seedling farmers.
The grading stage is done to separate catfish seedlings based on their size because
each catfish seedling can have different growth and reduce cannibalism of catfish
seedlings at a smaller size. The purpose of this research is to be able to classify
catfish seedlings using the Convolutional Neural Network (CNN) method with
MobileNetV2 architecture and OpenMV Cam H7+ automatically. There are 3
grades of catfish seedlings in this study, including: grade A (2-3 cm), grade B (4-5
cm) and grade C (>6 cm). Datasets for training and testing models are taken with
4 research materials, namely image sizes 96 x 96 blobs.fit, 96 x 96 blobs.rect, 128
x 128 blobs.fit, and 128 x 128 blobs.rect. In testing with static images and in real-
time, the system can recognize grade differences in predicting the grade of catfish
seedlings detected. The most optimal result among the 4 research materials is 128
x 128 blobs.rect which has an accuracy of 89%. This research is to help catfish
farmers and provide knowledge about the application of CNN methods for further
technology development in the future.

Keywords: catfish, seedlings, classification, OpenMV, deep learning, CNN.
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